R graphy gallery
A. Motivation:
Academic literature has not yet provided

any user-friendly online tools that can generate
R code for drawing plots or statistics in response
to prompts from users as did in GPT. Such a tool
would be highly beneficial.

B.Features of R environment provided to
academics

R-language provides several benefits and
features to academics, some of which are:

Data analysis and visualization: R 1s a
powerful tool for data analysis, modeling, and
visualization. It provides a vast array of libraries
and packages for data manipulation, exploratory
data analysis, statistical modeling, and data
visualization.

Open-source and free: R 1s an open-source

language and is freely available. This makes it



accessible to anyone interested in using it for
academic research, irrespective of their financial
resources.

Reproducibility: R provides a robust platform
for reproducible research. The code, data, and
results can be easily shared and reproduced by
other researchers, increasing the transparency and
credibility of research.

Statistical analysis: R provides a wide range
of statistical methods for analyzing data, including
linear and nonlinear modeling, time-series analysis,
clustering, and classification. It also provides tools
for simulation, hypothesis testing, and model
selection.

Integration with other tools: R can easily
integrate with other tools and platforms, such as
LaTeX, Markdown, and Jupyter notebooks, making

1t a versatile tool for academic research.



Community support: R has a large and active
community of users and developers who provide
support, documentation, and new packages and
tools.

Overall, R provides a powerful and flexible
toolset for academic researchers to analyze and
visualize data, create reproducible research, and
advance their research agenda.

C.What is the drawbacks and disadvantages that R-
language had and researchers encountered
usually?

While R has several benefits for academic
research, it also has some drawbacks and
disadvantages that researchers may encounter.
Some of these are:

Steep learning curve: R has a steep learning
curve, especially for researchers with little or no
programming experience. The syntax and

programming concepts may be challenging to



grasp, which can slow down the research
process.

Memory management: R has limited
memory management capabilities, which can be
a problem for researchers dealing with large
datasets. This can lead to performance issues
and slow down the analysis process.

Lack of standardization: The R community
has a wide range of packages and tools, but
there 1s no standardization in the way they are
developed and maintained. This can lead to
compatibility 1ssues and may make it difficult to
find the right package for a specific task.

Limited support for multi-threading: R has
limited support for multi-threading, which can
slow down the analysis process for complex
computations.

Limited scalability: While R 1s suitable for

small to medium-sized datasets, it may not be



suitable for large-scale data analysis due to
memory limitations.

Security concerns: R packages may contain
security vulnerabilities, which can put sensitive
data at risk. It 1s essential to update and maintain
packages regularly to avoid security issues.

In summary, while R provides a powerful
toolset for academic research, researchers may
encounter some challenges in terms of a steep
learning curve, limited memory management,
lack of standardization, limited support for
multi-threading, limited scalability, and security
concerns.

D. What we can do for researchers.

For users who lack skills in data arrangement
and R programming, obtaining R code
immediately in response to a prompt can be
incredibly helpful, similar to how ChatGPT

generates code. However, while ChatGPT cannot



currently generate code for displaying visual
representations or statistics, it can provide
somewhat similar types of code that are useless

and helpless for researchers, as shown in

Figurel.
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Figure 1 Four prompts to this tools provided to
researchers
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1. Rasch ICC
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https://hansjoerg.me/2018/04/23/rasch-
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4.2PLIRT model



Mantel-Haenszel
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Test Information Function
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9. Rasch MAPEAP




Graphical Model Check

Beta for Group: Raw Scores >= Mean

10. RaschAdersonl.Rtest
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14. Chord Diagram
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15. CircleBarplot
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16. MetaSMD



Vaccinated Control
Author(s) and Year TB+ TB- TB+ TB- Risk Ratio [95% CI]
Aronson, 1948 4 119 1 128 I—'—-4 0.41[0.13, 1.26]
Ferguson & Simes, 1948 300 29 274 —a— 0.20 [0.09, 0.49]
Rosenthal etal, 1960 3 228 11 209 |—'—L' 0.26 [0.07, 0.92]
Hart & Sutherland, 19762 13536 248 12619 HH 0.24[0.18,0.31]
Frimodt-Molleretal, 1983 5036 47 5761 '-H 0.80 [0.52, 1.25]
Stein & Aronmson, 19580 1361 372 1079 » 0.46 [0.38, 0.54]
Vandiviere etal, 1973 8 28537 10 619 —a— 0.20 [0.08, 0.50]
TPT Madras, 1980 505 87886 499 87892 - 1.01 [0.89, 1.14]
Coelzee & Berjak, 196820 7470 45 7232 I—I—l 0.63[0.38, 1.00]
Rosenthal etal, 1961 17 1699 65 1600 il 0.25[0.15, 0.43]
Comstock et al, 1974 186 50448 141 27197 l1 0.71[0.57, 0.89]
Comstock & Webster, 19692493 3 2338 r—‘—-—r 1.56 [0.37, 6.53]
Comstock et al, 1976 27 168BB6 29 17825 '—'—' 0.98 [0.58, 1.66]
RE Model (Q = 152.23, df = 12, p = 0.00; I = 92.2%) - 0.49 [0.34, 0.70]

17. MetaRR




Weight Weight
Study Risk Ratio RR 95%-Cl (common) (random)
Aranson —'——i—— 0.39 [013;119] 0.7% 5.2%
Ferguson & Simes H 0.19 [0.08; 0.45] 1.9% 6.5%
Rosenthal et al —'—i— 0.25 [0.07;0.88] 0.7% 4 6%
Hart & Sutherland - 0.23 [0.18;0.31] 15.9% 9.6%
Frimodt-Moller et al =T 0.80 [0.52;1.25] 2.7% 8.8%
Stein & Aronmson i 0.38 [0.33;0.45] 25.8% 10.0%
Vandiviere et al — 0.20 [0.08;0.49] 1.0% 6.1%
TPT Madras : i 1.01 [0.689;1.14] 31.0% 10.0%
Coetzee & Berjak = 0.62 [0.39;0.99] 2.8% 8.7%
Rosenthal et al — i 025 [015;,042] 4 2% 8.4%
Comstock et al 1:*— 0.71 [0.57;0.88] 11.4% 9.8%
Comstock & Webster B E— 1.56 [0.37;6.53] 0.2% 4 0%
Comstock et al i— 098 [0.58;1.66] 18% 8.4%
Common effect model ¢ 0.61 [0.57; 0.66] 100.0% -
Random effects model = 0.47 [0.33; 0.68] - 100.0%
Heterogeneity I° = 93%, = =0.3393, p £ 001 ! '
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Funnel plot
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19. Funnel plot
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The drawbacks are no such clusters are

presented and bubbles are sized.



20. Network MA plot
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21. Network MA forest plot with fixed
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22. Network MA radom effect

OR 95%-Cl
1.000
0.273 [0.186; 0.399]
0.229 [0.146; 0.360]
0.329 [0.197; 0.550]
0.033 [0.006; 0.175]
OR 95%-Cl
1.000
0.273 [0.186: 0.399]
0.229 [0.146: 0.360]
0.329 [0.197: 0.550]
0.033 [0.006; 0.175]



23. Network plot as an example

https://www.rdocumentation.org/package

s/gemtc/versions/1.0-

1/topics/mtc.network



https://www.rdocumentation.org/packages/gemtc/versions/1.0-1/topics/mtc.network
https://www.rdocumentation.org/packages/gemtc/versions/1.0-1/topics/mtc.network
https://www.rdocumentation.org/packages/gemtc/versions/1.0-1/topics/mtc.network
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24. Another example using Network

MA



Pair-comparison
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25. Pyramid plot
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3
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0 250 500 750
Time
Number at risk
Esex:‘l 64 30 18 7
§sex:2 36 22 13 3
0 250 750

26. Survival analysis
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27. Chord diagram with two mode data

(Countries are assigned to or associated

with themes or subjects.
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28. Radar plot
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29. Bibarline chart
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30. Stack bar chart
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Sales & Expenses

Sales, Expenses and Profit over Time
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32. MultiLine bar chart
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33. Dual axes with stack bars and lines2

:oo..

33. Circle Packing plot

Bibliometrix

BXI1:

library(bibliometrix)

myfile <- ("https://bibliometrix.org/datasets/joi.txt")
#setwd("F:/R")
#data=read.txt(file = 'WOSarticle.txt', header=T)
# aaa<- c("WOSarticle.txt",dddd.txt,cccc.txt)

# Converting the loaded files into a R bibliographic dataframe

M <- convert2df(file=myfile, dbsource="wos",format="plaintext")
#options(width=160)

results <- biblioAnalysis(M)



summary(results, k=10, pause=F, width=130)
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34. Word cloud




author(s), year correlation [95% CI]

Axelsson et al. 2009 | - 0.19 [ 0.00, 0.37]
Axelsson et al. 2011, -l 0.16 [ 0.09. 0.23]
Bruce et al. 2010 ———— 0.34 [ 0.08, 0.56]
Christensen et al. 1999 | — 0.32[0.14, 0.48]
Christensen & Smith 1995 | — 0.27[0.04, 0.47]
Cohen et al. 2004 , e 0.00 [-0.24, 0.24]
Dobbels et al. 2005 |—-—| 0.18[0.03, 0.32)
Ediger et al. 2007, .-...—. 0.05 [-0.06, 0.16]
Insel et al. 2006 , I—'—I 0.26 [ 0.00, 0.49]
Jerant et al. 2011, - 0.01[-0.06, 0.08]
Moran et al. 1997 i -0.09 [-0.34. 0.18)
O'Cleirigh et al. 2007 , —— 0.37[0.18, 0.54]
Penedo et al. 2003 , |—lh—| 0.00[-0.18, 0.18]
Quine et al. 2012 | i 0.15[0.07, 0.23]
Stilley et al. 2004 - 0.24[0.09, 0.38]
Wiebe & Christensen 1997 | I—l-l—| 0.04 [-0.21, 0.28]
RE Model - 0.15[0.09, 0.21]

| | | | | 1
04 02 00 02 04 06

Correlation Coefficient

35. Meta for correlations of studies
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39. Network chart
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40. Network chart2



Pair-comparison
Mon-Top100 Journal Top100

3878404 21208.0
28367.05{19130632.0
90569.® 330870.0

3547840 [ 1005011.0
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2176300.0 | | 256t

2227768.0
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27211220

24261
23044.
27

13062.0
1.0
J5.0
2664537.0 | 251¢
2443179.0 | 230141
2507081.0 | 23660
25374310 | 24034
22223620 | 210857°
2089758.0 | 19816711
1864428.0 | 1767564.0
17461861.0 | 1656154.0
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41. Pyramid2 (Spend more time to draw

this diagram in R studio)
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42. Pyramid 3
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44. Spider spot
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45. Plot for two-way ANOVA



46. Simple Network chart

network <- graph_from_adjacency matrix(data, mode =

"undirected")
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47. Betweenness roles in network using the dendrogram



48. Cluster by dendrogram using Betweenness roles in network referred to the

dendrogram



